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How & Why?

e We |look for KE method which will be unsupervised, suitable for
Polish legal texts and potentially extensible to other languages

e Obtained keywords to be applied in ML & IR tasks
e Test corpus = 11k judgements from National Appeal Chamber (KIO)

e We employ unsupervised keyword extraction method RAKE [1]

e RAKE Is a language independent method, the only language
specific input is a set of uninformative words (stoplist)

e This is work In progress report on supplementing RAKE with
automatic stoplist generation

Automatic Stoplist Generation

o Uninformative words can be distinguished by plotting number of
documents with a given word (df) vs. collection frequency of given
word (cf) [2, 3]
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e Using random model of word occurrence (e.g. Poisson or NegBin)
the relation between cf and average df can be computed
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o Uninformative words closely follow random model, whereas

Informative words occur in more clustered fashion, which results
In lower average df than resulting from random prediction [2,3]
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e Words that deviate from random model oF(cf) less than certain
threshold p are treated as uninformative words for RAKE
df(cf) — df
df
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Sample Results

e Top-score keywords obtained using standard IR stoplist

Polish

English translation

samej grupy kapitatowej dotyczgcego wykonawcy
Przedsiebiorstwo Ustug Komunalnych Empol sp.

Dzienniku Urzedowym Unii Europejskiej 23 marca
2013 r.

Prezesa Krajowej Izby Odwotawczej 20 czerwca
2012r.

pierwsze] kolejnosci Krajowa lzba Odwotawcza
winna ocenic

Krajowa lzba Odwotawcza uwzglednita odwotanie
konsorcjum Sita Matopolska

the same capital group concerning the contractor
Municipal Services Company Empol

(in) the Official Journal of the European Union 23
March 2013

Chairman of the National Appeal Chamber 20
June 2012

firstly the National Appeal Chamber should judge

National Appeal Chamber has upheld the appeal
of the Sita Matopolska Consortium

Many long, uninformative keywords

e All keywords obtained using autogenerated stoplist

Polish English translation

Przedsiebiorstwo Ustug Komunalnych Empol Municipal Services Company Empol

przedsiebiorstwo ustug komunalnych municipal services company
zagospodarowanie odpadow komunalnych management of municipal waste
odbieranie odpadow komunalnych municipal waste collection
witascicieli nieruchomosci zamieszkatych residential real estate owner
konsorcjum Sita Matopolska Consortium Sita Matopolska
Sita Matopolska Sita Matopolska

grupy kapitatowe] capital group

@ Short, interpretable keywords

o Top-frequency keywords in the corpus (autogenerated stoplist)

All keywords

Polish English translation

roboty budowlane construction works

robét budowlanych construction works (different form)
konsorcjum firm consortium of companies
ograniczong odpowiedzialnoscig limited liability

formularzu ofertowym offer form

Four tokens keywords

Polish English translation

PKP Polskie Linie Kolejowe PKP Polish State Railways

Generalnej Dyrekcji Droég Krajowych General Directorate for National Roads
samodzielny publiczny szpital kliniczny independent public clinical hospital
wykazu wykonanych rob6t budowlanych list of conducted construction works

GE Medical Systems Polska GE Medical Systems Poland

@ Contain names of companies and institutions

@ Mostly noun phrases as expected for manually assighed
keyprhases [4], even though no POS information was used

Conclusions and Outlook

e Preliminary results seem promising

e Quantitative verification is a must, but we know of no established
corpus for Polish language (esp. for legal texts)

e Quantitative verification as features in ML tasks might be an option

e Based on tests, further tuning & extensions of the method are
planned
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